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Kernel Methods for Analyzing Structured Data
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Abstract We introduce kernel-based approaches for analyzing structured data such as sequences, trees, and
graphs. Especially, we introduce the idea of the convolution kernel that is a general framework for designing kernels
for structured data, and give some examples of such kernels. Moreover, we introduce the structure mapping problem
that is a generalized problem of the supervised classification problem, and kernel-based approaches for the problem.
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