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Ben-Hur & Noble: Kernel methods for predicting protein—protein interactions, Bioinformatics, Vol. 21 Suppl. 1, 2005
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Liben-Nowel & Klei nberi: The Link Prediction Problem for Social Networks| CIKM 2004
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Y amanishi et d.: Kernel Matrix Regression, Technica Report HAL-00133355, 2007
Y amanishi et d.: Protein Network Inference from Multiple Genomic Data: A Supervised Approach, ISMB 2004
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Jaimovich et d.: Towards an Integrated Protein-protein Interaction Network, J. Comp. Bio, 13(2), 2006
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